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Exhibit B 

AGENT FACTORY TECHNOLOGY 

The Agent factory comprise a plurality of comparer aJgornhms that perform th* various 
functions described below. Each artificial agent is a prediction algorithm designed to recogntffi 
ac4 exploit prediciability bubbles. The agent factory software roudaea together Tramtheageros 
and determine which agents should be provided to users. 

the agent factory comprises 12 functional software routines: 

1) data, 

2) run agents, 

3) refresh, 

4) trader 

5) portfolio, 

6) test. 

7) quality, 

. 8) disnihutc files to wser database, 

9) temp, 

10) select, 
lljAT-hmin, 
!2}I^brsritt, 

The ag«* factory preferably maintains two pools of agents: active agents that aremade available 
lo^sersaQd reserve agents thai preferably are used to replace active ones ^hen they are *ewed 
as ar«ntfc exchanging The main fractions fall in wo groups: rnana 8 w«e*t 

of active or live agents* and production of new reserve agems. 

Firsr group: m»™ ffafl &«; pool of live agents 

~*Daia" reads new daily market price data from a financial data provider and makes this 
information available Jo the other fcctory functions. 

-Run agents- updates each existing agent's recornmendanons in light of the new data and 
retires agent? that have a negative r^edicratriJiry value. 

"Rfiftesh" look* for agents that have been marked as Retired" due to cfcuiging market 
conditions, places These in a -cemetery" database and replaces them with reserve you* 
^Si^y germed) that have a rngb pxediCTar4hty value andtradartg strategics thai are diverse 
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to those currently adopted by existing active agents, usually because they are using different 
prediction horizons or lemplares. 

Trades" looks for agent consensu* decisions using various non-linear consensus rules 
thai identify teams of two or more agents that agree to recommend a trade. For example it mere 
S^Jv^tocTao agem a short term horizon and positive FFI Ca soiled "market 
S^emT^^ with a medium to long term horizon a^t ar^ both with pr^cubility 

4 cerrain threshold and There exists no similar agent with a contrary opwuon, then a 
Ration will he opened if both agents ^ in agreement. Trades aL,o review* wdaus posmoru 
recommended by teams of agents to previous runs of Ac factory procass and decides if such 
positKJQs should be closed based on the new (&ta_ 

"PonfcJio" looks for agent consensus decisions based on a formula to arrive at a 
consensus decision takir* into wxount the opinions ei all agent*. For example, ttocomensus 
^ Skived rmmYrisk and analysis, ^^^^^^T^l 
Sedavemge of the oosmons recominended by eacb agent in that stock <e.g 1 for a buy 
SSndS, 0 for and-1 for a seH to 

dnerraiiwd by an iterative algorithm that seeks to maxmnzetberano of th£ pmt&ho s to 
ST^Sw -TonfoUo- manages a set of virtual portfolios thai calculate the* poauor* * each 
stock tram the consensus force signal, for example using a proportionality „_5^i y 
different investor strategies, including, preferably, bof* investor portfolios and leveraged 
derivative portfolio*. 

•TeaT measures performance staristics by conihmiae from the cemetery database, an 
active agents database, aPonfbrm database and a database of consensus Trmle dcciaon^ such as 
the averse profit earned by each agent in th* past month and the average profit per sbiue traded 
using different consent Trading rules, or other similar compenson paradigms. 

-Quality" checks that each parameter of every active and reserve agent has the 
appropriate format and is within lower and upper botmds that ensure that they will perform 
according to a user's expectations. 

Second aroup: crtarine new reserve agents 

"T«ap" is » template anajyaer that rests the effectiveness of different technical trading 
m!« on a window of historical data evaluates the predicrabiHty of each trading rale. 

-Select" looks for rcedictaWe trading rules from those discovered by temp and selects a 
sabset of these that are most predictable tod satisfy diversity ern^rcanem enter* that, for 
Staple, avoid repeating rules that are already being used by prevtousry-creaied agents. 

-A-bram" creates a preliminary artificial agent tim uses the technical trading rule 
setecwd and generates a prt nrocessed signal tchart) available for thither processwg. 

-B-tawT iterates a process rhai implements a pr^n^ neural nework fao ajlftr^ 
of ctodidaSrod ccmintoes the agent's training by letting it learn how to interpret the 
l^c^siaSsSed by "A^min"; for each choice of neural network U creates an agem 
Sa^S^elSy- W mo* predictable agem^ihesetrialstskeptmadamb^ 
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to be later ^packaged" and seta id tbe ultimate user- Among the B-braina in. this library arc some 
candidates that apply strategies ±st would be recognized as common Twbnical tradwie rules and 
at nines oxber candidates that apply more complex iimi^nsarkms of ihe pre-pn>cess«i signals 
from xht A-brain, mdudrng contextual learning and bac|cprop^aiic©ixeural networks. 

The explicit codes included arc: 



2toax 

a0330.c 

abxacadabr&x 

ahmO330.c 

attjiLvidendos-c 

act_cmisoras.c 

actioruc 

idplO330,c 

stecmi c 

build c 

buiyO330.c 

catfcgoty.c 

ctst0330x 

d£tt**_compx 

data033Q.c 

dacosx 

fabrics 

jitsttun 

firsjjan. 

ftd0330.c 

gene>is 

initialize .c 

laadscapex 

Ia0330x 

lb0330.c 

ncur0330.c 

parameters^ 

pf!oO330x 

pi«p0330x 

pm0330x 

qlty0330x 

£ldf>33Qx 

stai0330x 

terop0330x 

tgt0330.c 

toeu033O.c 
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tojuo0330.c 
trdsOS3ac 

wimolmux.c 

backprop,c 

burry_agt.c 

cboo se jemis orasx 

contact.o 

definicioiies-*: 

fiiid_daynuinba:-c 

inpur_agems.c 

inpux_ooc-c 

load~staxus_,e-c 

load_starusj3-c 

toad_staui5ja,c: 

Ioad_5tarus_lbx 

load_targets.c 

pasi_4ecisions.c 

recommcnd.c 
res*t_arrays.c 
screen x 
sce_resu3ts.c 

stmus_bitsx 

updaie_rcgi5ter.c 

vit,c 

add_retevariu> 

cbo ase_markers .c 

dtnnp_screeac 

dynftmic_iiiaxkersx 

get_cuneot_x.c 

hisf^>grajra-c 
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load_rt4«vgnuc 
loaajrax 
load_scieen.c 
load_3ectionx 
refJue_s creeiuc 

see_j*suta,c 
vaiiable_nunesx 

AU these codes aw written ratbeC programming language, 

QUI codas 

A4apuvt?_lan.vbp 
Adaptive Jaj*_nasdaq. vbp 

j Tbess are Visual 3asic projects wktcn in Visual Basic 6.0 

I Windows based agent pr eparation codes 

rni.vbp 
borosJo^vbp 

Toe date of la»t revision for all of ihc above codes is May 1, 2001. 
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